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Abstract: This study explores the role of sentiment analysis as a predictive tool for understanding and 
forecasting product launch success in the digital market. Sentiment analysis involves the classification 
of consumer sentiment expressed on social media platforms such as Twitter and Instagram, and it can 
significantly impact businesses by predicting consumer behavior and product performance. The 
research highlights the relationship between social media sentiment and product success, 
demonstrating that positive sentiment is strongly correlated with higher sales and consumer 
engagement, while negative sentiment can lead to declines. Machine learning models, including Support 
Vector Machines (SVM) and Random Forest, were employed to classify sentiment from large volumes 
of social media data and correlate it with product performance indicators such as sales volume and 
consumer interaction. The study found that sentiment analysis models were highly effective in 
predicting product success, with positive sentiment generally driving product profitability and negative 
sentiment posing a potential threat to brand reputation. Moreover, the analysis showed that social 
media sentiment provides real-time insights into consumer perceptions, enabling businesses to quickly 
adjust marketing strategies and product development plans. These findings underscore the importance 
of integrating sentiment analysis into product launch evaluations and strategic decision-making. Future 
research should explore the integration of sentiment analysis with other predictive market models and 
investigate the effects of fake reviews and post-purchase consumer behaviors on product success. 

Keywords: Consumer behavior; Machine learning; Product success; Sentiment analysis; Social media.  

1. Introduction 

Social media platforms have increasingly become integral tools for understanding 

consumer preferences and shaping market trends. These platforms provide businesses with 

direct access to consumer opinions and behaviors, crucial for informing marketing strategies 

and product development. Unlike traditional media, social media offers an open space for 

peer advice and opinions, which can significantly influence consumer purchase decisions (Ali 

& Naushad, 2023). By harnessing the power of user-generated content from platforms like 

Twitter, Facebook, and Instagram, companies can gather real-time feedback that 

revolutionizes how market research is conducted and how consumer engagement is 

approached (Rathore & Ilavarasan, 2020; Choi et al., 2020). 

Sentiment analysis, a key technique in social media analytics, plays a vital role in 

assessing product launches and predicting their success in the market. This method involves 

evaluating the emotions expressed in user-generated content to gauge public reaction to a 

product. By analyzing sentiment, businesses can make more informed decisions regarding 

product marketing, development, and customer engagement strategies (Fakhri & Irawan, 
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2023; Chaudhary et al., 2023). The real-time feedback provided by sentiment analysis allows 

companies to swiftly identify consumer concerns and adjust their strategies accordingly 

(Chaudhary et al., 2023). 

One of the significant benefits of sentiment analysis is its ability to predict product 

success by evaluating the overall sentiment-positive, negative, or neutral-expressed by 

consumers. For instance, studies on the iPhone X series have shown that sentiment analysis 

could provide valuable insights into consumer feedback, influencing future product launches 

(Fakhri & Irawan, 2023). Furthermore, understanding consumer emotions associated with a 

product can help tailor marketing campaigns to resonate more effectively with the target 

audience. This includes identifying key emotional triggers such as trust, joy, anger, and disgust, 

all of which can play a pivotal role in consumer behavior (Choi et al., 2020; Ali & Naushad, 

2023). 

Social media sentiment analysis not only aids in gauging customer engagement and 

satisfaction but also supports the development of customer-centric products. By quantifying 

consumer sentiment, businesses can refine product features and designs to align more closely 

with consumer preferences, thus enhancing the likelihood of a successful product launch 

(Dilip et al., 2024; Pavan Prasad et al., 2019). Moreover, it can provide competitive intelligence 

by analyzing sentiment around competitors' products, giving companies the insights needed 

to stay ahead in a competitive market (Chaudhary et al., 2023). 

As businesses continue to adapt to the digital landscape, social media platforms such as 

Twitter, Instagram, and Facebook have become critical sources of consumer insights. The 

vast amounts of user-generated content on these platforms offer valuable data reflecting 

consumer opinions, emotions, and behaviors, making it a goldmine for businesses looking to 

evaluate product performance. Sentiment analysis, which uses Natural Language Processing 

(NLP) and Machine Learning (ML) techniques, has emerged as a powerful tool to assess 

consumer sentiment and predict the success of products in the digital market (Al-Qablan et 

al., 2023; Arora et al., 2015). 

The primary objective of this article is to explore how sentiment analysis can be 

leveraged to predict product performance by analyzing consumer sentiment on social media 

platforms. Understanding how consumer emotions and opinions shape product success is 

essential in an era where real-time feedback influences purchasing decisions. As businesses 

increasingly rely on social media for market insights, sentiment analysis helps bridge the gap 

between consumer expectations and product offerings (Chaudhary et al., 2023; Yadav et al., 

2020). 

The increasing reliance on social media data to gain real-time insights into consumer 

behavior highlights the importance of sentiment analysis in predicting product success. 

Sentiment analysis provides businesses with a direct line to understanding how consumers 

feel about a product, service, or brand by classifying their sentiments as positive, negative, or 
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neutral (Shylu & Selvarani, 2023). This information is vital for businesses to assess consumer 

satisfaction, track emerging trends, and make data-driven decisions that can significantly 

influence marketing strategies and product development (Baroi & De, 2021; Fadlil et al., 

2024). 

By analyzing product reviews, feedback, and comments on platforms like Twitter and 

Instagram, businesses can obtain insights into the general sentiment surrounding their 

products. Positive sentiment is often correlated with higher customer loyalty and sales, 

whereas negative sentiment can indicate areas of concern or dissatisfaction that need 

addressing (Shylu & Selvarani, 2023; Jose & Narayanan, 2024). Moreover, sentiment analysis 

can provide a predictive outlook on the success of upcoming product launches, making it an 

indispensable tool for companies aiming to stay ahead of market demands (Chaudhary et al., 

2023). 

Sentiment analysis involves classifying text data based on the sentiment expressed 

within it-positive, negative, or neutral. Using NLP techniques, sentiment analysis helps 

businesses assess public sentiment regarding their products and services, which is crucial for 

making informed strategic decisions. Machine learning models, such as Support Vector 

Machines (SVM), Random Forest, and deep learning techniques like Long Short-Term 

Memory (LSTM) networks, are commonly employed to perform sentiment classification on 

large datasets from social media (Fadlil et al., 2024; Shylu & Selvarani, 2023). 

Sentiment analysis has numerous applications in the digital market. One of its primary 

uses is in analyzing product reviews. These reviews offer businesses direct insights into 

consumer satisfaction and product quality, which can guide improvements (Baroi & De, 

2021). Additionally, sentiment analysis provides real-time insights into consumer reactions 

following a product launch, allowing businesses to track emerging trends and respond quickly 

to market changes (Arora et al., 2015). By understanding the sentiment behind social media 

conversations, companies can tailor their marketing strategies to align with consumer 

preferences, improving customer engagement and driving sales (Jose & Narayanan, 2024). 

Sentiment analysis involves several steps, starting with data collection from social media 

platforms using APIs to access user posts, comments, and engagement metrics. Preprocessing 

steps such as cleaning the data, tokenization, and feature extraction are crucial to preparing 

the data for analysis (Yadav et al., 2020). Machine learning models, including SVM, Random 

Forest, and deep learning models, are applied to classify sentiments accurately. The 

performance of these models is evaluated using metrics such as accuracy, precision, recall, 

and F1-score, which help assess the reliability of the insights generated (Fadlil et al., 2024). 

Sentiment analysis offers predictive insights into product performance by identifying 

correlations between consumer sentiment and product success. Positive sentiment typically 

indicates higher sales and customer loyalty, while negative sentiment can signal areas that need 

improvement (Al-Qablan et al., 2023). By continuously monitoring social media sentiment, 
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businesses can make strategic decisions regarding product development, marketing 

campaigns, and customer service enhancements, which can ultimately lead to a competitive 

advantage in the digital marketplace (Shylu & Selvarani, 2023; Chaudhary et al., 2023). 

 

2. Literature Review 

Sentiment Analysis: Overview of Techniques 

Sentiment analysis, also known as opinion mining, plays a crucial role in understanding 

consumer sentiment and predicting product performance in the digital market. It involves 

classifying sentiments expressed in text data-such as consumer comments and reviews-into 

categories of positive, negative, or neutral (Khader et al., 2018; Rathore et al., 2024). Various 

techniques are employed in sentiment analysis to extract meaningful insights from large 

datasets, and these can be broadly categorized into machine learning methods, lexicon-based 

approaches, and hybrid models. 

Machine Learning Approaches 

Machine learning techniques, including Naive Bayes, Support Vector Machines (SVM), 

and deep learning models such as Recurrent Neural Networks (RNN), are widely used in 

sentiment analysis tasks. These methods are particularly effective in classifying consumer 

sentiment based on large, unstructured text data. SVM, for example, is known for its ability 

to handle both linear and non-linear datasets with high accuracy, making it suitable for 

sentiment classification tasks (Singh & Srivastava, 2023). Additionally, deep learning models 

like Long Short-Term Memory (LSTM) and transformer models such as BERT and Roberta 

have demonstrated superior performance in capturing contextual nuances in sentiment data, 

outperforming traditional machine learning approaches (Kumar et al., 2024; Sharmila et al., 

2022). 

Lexicon-Based Approaches 

In contrast, lexicon-based sentiment analysis uses predefined dictionaries of words 

associated with particular sentiments to classify text data. While this method is relatively faster 

and simpler compared to machine learning techniques, it may lack the nuanced understanding 

offered by models that learn from data. Lexicon-based approaches are, however, still widely 

used due to their efficiency, especially in scenarios where quick sentiment classification is 

required (Khader et al., 2018; Shanmugapriyaa et al., 2023). 

Hybrid Approaches 

To enhance both accuracy and processing speed, hybrid models that combine machine 

learning and lexicon-based methods have been proposed. These models leverage the 

strengths of both approaches, offering a balance between computational efficiency and 

detailed sentiment analysis (Kumar et al., 2024; Sharmila et al., 2022). By integrating machine 

learning's ability to learn from large datasets with the speed of lexicon-based methods, hybrid 

models have proven to be more robust in various sentiment analysis tasks. 



Management Dynamics: International Journal of Management and Digital Sciences  
2024 (January), vol. 1, no. 1, Hakim, et al. 32 of 41 

 

Applications of Sentiment Analysis in the Digital Market 

Sentiment analysis has numerous applications in the digital market, particularly in 

understanding consumer opinions and guiding strategic decision-making. Consumer Insights 

are among the primary uses of sentiment analysis, helping businesses understand public 

perceptions of their products, brands, or services. This understanding enables companies to 

make data-driven decisions to improve products and services and align their marketing 

strategies with consumer sentiment (Shanmugapriyaa et al., 2023; Rathore et al., 2024). 

Social Media Monitoring is another significant application of sentiment analysis. 

Platforms like Twitter and Facebook provide real-time data that can be analyzed to track 

consumer emotions, monitor brand perception, and detect emerging trends. This real-time 

feedback allows businesses to react swiftly to changes in consumer sentiment, providing a 

competitive advantage (Khader et al., 2018; Venkateswaran et al., 2024). Product Evaluation 

is also enhanced by sentiment analysis, as it helps companies gauge customer satisfaction and 

identify areas that need improvement. By analyzing consumer feedback, businesses can refine 

their product offerings and improve customer loyalty (Kumar et al., 2024; Johri et al., 2024). 

Text Mining: Application in Extracting Data from Social Media 

Data Cleaning is an essential step in text mining, ensuring that irrelevant or noisy data 

does not affect the analysis (Mhamdi et al., 2018). This preprocessing step helps enhance the 

quality of the dataset, making it suitable for deeper analysis. Keyword Extraction is another 

critical technique, where significant terms are identified to highlight important themes and 

patterns in consumer sentiment (Mhapasekar Darshan, 2017; Venkateswaran et al., 2024). 

Additionally, Text Classification and Clustering are employed to categorize texts and group 

similar content, uncovering hidden patterns that can provide valuable insights into consumer 

behavior (Pasupathi et al., 2024; Shanmugapriyaa et al., 2023). 

Applications of Text Mining 

Text mining plays a vital role in Social Media Analysis, where unstructured data from 

platforms like Twitter, Facebook, and blogs are analyzed to understand public sentiment, 

detect fake reviews, and monitor brand perception (Souza et al., 2016; Mhamdi et al., 2018). 

In Business Intelligence, text mining helps organizations extract actionable insights from large 

datasets, improving decision-making, customer service, and marketing strategies (Fadlil et al., 

2024; Mhapasekar Darshan, 2017). Moreover, News Analysis involves transforming 

unstructured news data into structured information, revealing trends and patterns in media 

coverage that can be used for strategic insights (Mhamdi et al., 2018; Venkateswaran et al., 

2024). 

Challenges in Sentiment Analysis and Text Mining 

Despite its advantages, sentiment analysis and text mining face several challenges. 

Handling Unstructured Data is a major hurdle, as social media content is often messy and 

unstructured. Techniques such as XML structuring are being used to impose order on semi-
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structured documents, making it easier to extract meaningful insights (Khader et al., 2018). 

Another challenge is Scalability, as processing large volumes of data efficiently requires robust 

frameworks and algorithms capable of handling the complexity and scale of data involved in 

sentiment analysis (Singh & Srivastava, 2023; Venkateswaran et al., 2024). 

Influence of Online Reviews, Comments, and Social Media Activity on Consumer 

Purchasing Decisions 

Online Reviews 

Online reviews have a significant impact on consumer purchasing decisions, and 

various factors such as the number of reviews, review valence (positive or negative), review 

quality, and management responses play a crucial role in shaping consumer perceptions and 

intentions (Liu, Lu, & Chen, 2022; Zhang & Goh, 2019). Negative reviews, particularly, can 

have a strong detrimental effect on perceived usefulness and ease of use, thereby negatively 

influencing purchase intentions (Liu et al., 2022). The credibility of online reviews also affects 

trust-both cognitive and emotional-towards online sellers, which subsequently influences 

purchase intentions. The rationality and quantity of reviews contribute to this perceived 

credibility, emphasizing the importance of both the content and the volume of consumer 

feedback (Kwakye, Ertugan, & Tashtoush, 2024). Furthermore, the average score given in 

product reviews significantly impacts purchasing decisions, while the timing and content of 

reviews, though relevant, have less of an effect (Dai & Jiang, 2016). 

Social Media Activity 

Social media platforms have become critical in shaping consumer behavior, particularly 

through sentiment analysis. Sentiment expressed on platforms such as Twitter and Reddit 

provides businesses with insights into consumer opinions that can predict product success 

and guide design choices (Chakraborty, Prabhu, Mahmood, & Alkhayyat, 2023; Wang, Ning, 

& Wang, 2015). Positive sentiment and strong consumer engagement on social media are 

significantly correlated with updates to product features and can enhance consumer trust and 

satisfaction (Chaudhary et al., 2023). However, the presence of fake reviews can alter 

consumer purchase intentions, especially for products with low brand recognition, posing a 

significant challenge in online purchasing environments (Venkateswaran et al., 2024). The 

ability of consumers to engage with and comment on product-related posts on social media 

further influences purchase intentions, where the level of risk associated with a product can 

moderate this effect (Kwakye et al., 2024). 

Previous Studies on Social Media Sentiment and Product Success 

Predictive Power of Sentiment Analysis 

Sentiment analysis of social media data has demonstrated predictive power in 

forecasting product success. Sentiment scores, along with the frequency of mentions on social 

platforms like Twitter and Reddit, have been linked to product feature updates and consumer 

expectations in the technology sector (Chakraborty et al., 2023). Positive social media 
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sentiment correlates strongly with product profitability, while the impact of negative 

sentiment diminishes when controlling for factors like production budgets (Wang et al., 2015). 

This relationship highlights the potential of sentiment analysis as a predictive tool for 

businesses aiming to understand consumer preferences and product performance in the 

market. 

Methodologies and Applications 

Various methodologies, including natural language processing (NLP) and machine 

learning techniques, are employed to analyze social media sentiment effectively. These 

techniques help businesses understand public opinion and make informed decisions related 

to product development, marketing strategies, and customer engagement (Venkateswaran et 

al., 2024; Dai & Jiang, 2016). Sentiment analysis, especially when combined with big data 

techniques, provides invaluable insights into consumer preferences, enhancing decision-

making and enabling companies to stay ahead of market trends (Chaudhary et al., 2023). The 

application of these methodologies extends beyond product development to marketing 

campaigns, where sentiment analysis has proven to improve targeting and communication 

strategies by aligning with consumer needs (Kwakye et al., 2024). 

Gaps in the Literature 

While much of the existing research focuses on the influence of online reviews and 

social media on purchase decisions, there is limited understanding of how reviews affect post-

purchase attitudes and behaviors (Zhang & Goh, 2019). Additionally, the role of fake reviews 

in consumer behavior and how to mitigate their effects remains an underexplored area in 

sentiment analysis research (Venkateswaran et al., 2024). Another gap lies in the varying 

impacts of different social media platforms on consumer behavior and product sales. While 

platforms like Twitter and Reddit have been extensively studied, the effects of other platforms 

such as Instagram or TikTok on product success require further exploration (Chaudhary et 

al., 2023; Venkateswaran et al., 2024). 

 

3. Materials and Method 

The proposed method for predicting product launch success involves collecting data 

from social media platforms like Twitter and Instagram using automated tools such as APIs 

to access user-generated content. The data is then analyzed using text mining and natural 

language processing (NLP) techniques to classify sentiment as positive, negative, or neutral. 

Machine learning models, such as Support Vector Machines (SVM) and Recurrent Neural 

Networks (RNN), are used to enhance sentiment classification accuracy. The model is built 

by mapping sentiment scores to product features and consumer engagement levels, with 

performance metrics like sales, engagement rates, and consumer interaction defined to 

evaluate success. These metrics help assess the model's ability to predict product success by 

comparing predicted outcomes with actual sales and engagement data. 
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Figur 1. The structure of the Research Methodology flowchart. 

 

Data Collection 

The first step in the proposed methodology involves collecting data from social media 

platforms, specifically Twitter and Instagram. Automated tools such as APIs (Application 

Programming Interfaces) are used to access user-generated content from these platforms. 

These tools allow for the extraction of posts, comments, hashtags, and other relevant 

engagement metrics associated with specific products or brands. The data collection process 

ensures that both structured and unstructured data from these platforms are captured, which 

are essential for further sentiment analysis. As social media content is continuously updated, 

real-time data collection is also facilitated by these automated tools, ensuring that insights 

reflect current consumer sentiments. 

Text Analysis Techniques 

Once the data is collected, the next step involves applying text mining and natural 

language processing (NLP) tools to analyze the sentiment of the content. Sentiment analysis, 

using NLP techniques, helps classify the sentiment of social media posts as positive, negative, 

or neutral. This classification is based on the context of the text and the emotional tone 

expressed by users regarding a particular product or brand. Key NLP tools such as 

tokenization, part-of-speech tagging, and named entity recognition are used to process and 

prepare the text for analysis. Machine learning models, including Support Vector Machines 

(SVM) and Recurrent Neural Networks (RNN), are employed to improve the accuracy of 

sentiment classification. These techniques help identify key themes and emotions expressed 

by consumers, which are then mapped to product success predictions. 

 

 

 

 

 
 Proposed Method 

 
 Data Collection 

 
 

Description of the process 
for gathering data from 

Twitter and Instagram using 
automated tools. 

 
 Text Analysis Techniques 

 
 

Explanation of text mining 
and natural language 

processing (NLP) tools used 
to analyze sentiment 

(positive, negative, neutral). 

 
 Modeling Process 

 
 

Step-by-step approach for 
building a predictive model 

using sentiment data to 
forecast product launch 

success. 

 
 Metrics 

 
 

Defining success indicators 
such as sales performance, 

engagement rates, and 
consumer interaction. 



Management Dynamics: International Journal of Management and Digital Sciences  
2024 (January), vol. 1, no. 1, Hakim, et al. 36 of 41 

 

Modeling Process 

The predictive model is built by integrating sentiment data with other relevant market 

factors. The model aims to forecast product launch success based on the sentiment expressed 

by consumers in online reviews and social media posts. A step-by-step approach is employed, 

starting with data preprocessing, where irrelevant or noisy data is removed to ensure that the 

dataset is clean and of high quality. Next, sentiment scores are calculated and mapped to 

product features and consumer engagement levels. Machine learning algorithms, such as 

Random Forest and XG-Boost, are utilized to train the model. These algorithms are chosen 

for their ability to handle large datasets and their robustness in classifying sentiment 

accurately. The final step involves validating the model using performance metrics, ensuring 

that the model can reliably predict product launch success based on sentiment analysis and 

engagement metrics. 

Metrics 

To evaluate the success of the predictive model, key performance indicators (KPIs) 

such as sales performance, engagement rates, and consumer interaction are defined. Sales 

performance is measured by the volume of product sales post-launch, while engagement rates 

reflect the level of consumer interaction with the product on social media platforms. 

Consumer interaction includes metrics such as the number of comments, likes, shares, and 

retweets, as these indicate the level of public interest and sentiment toward the product. These 

metrics are critical for determining the accuracy and effectiveness of the sentiment analysis 

model in predicting product success. Furthermore, the model's predictive power is 

continuously assessed by comparing forecasted outcomes with actual product sales and 

consumer engagement levels. 

 

4. Results and Discussion 

The analysis of social media sentiment revealed a strong link between consumer 

sentiment and product sales, with positive sentiment driving higher sales and engagement, 

while negative sentiment led to declines. Machine learning models like SVM and Random 

Forest were highly effective in predicting product success based on sentiment data, showing 

a significant correlation between sentiment trends and actual sales performance. Social media 

sentiment also directly influences consumer behavior, with positive posts boosting consumer 

trust and purchase intentions, while negative sentiment can damage product reputation. 

Monitoring sentiment in real-time allows businesses to quickly adjust strategies, making 

sentiment analysis a valuable tool for forecasting product success, enhancing marketing 

efforts, and maintaining a competitive edge. 
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Results 

The sentiment analysis of social media data revealed a strong correlation between 

consumer sentiment and product sales. Positive sentiment expressed on platforms like 

Twitter and Instagram was consistently associated with higher product sales and increased 

consumer engagement. In contrast, negative sentiment was linked to a decrease in sales and 

consumer interaction. The volume of mentions and the emotional tone expressed in 

consumer posts played a significant role in determining product success. A greater number 

of positive posts significantly boosted consumer trust, which in turn influenced purchase 

intentions. The trends observed suggest that monitoring sentiment trends can serve as an 

effective indicator for predicting the success of product launches in real-time. 

 

Figure 2. Correlation Between Sentiment and Product Sales. 

Moreover, the sentiment classification model demonstrated high accuracy in predicting 

product success based on sentiment data extracted from social media platforms. Machine 

learning algorithms, such as Support Vector Machines (SVM) and Random Forest, were 

successfully used to analyze the sentiment expressed in the data. These models accurately 

mapped sentiment trends to sales performance, showing that positive sentiment often leads 

to higher consumer trust and purchase intentions, while negative sentiment can deter 

potential buyers. The accuracy of the model was confirmed by comparing predicted outcomes 

with actual sales data, showing a strong alignment between sentiment scores and product 

success. 

Discussion 

Consumer perception plays a critical role in shaping market outcomes, and sentiment 

analysis offers valuable insights into how products are viewed by consumers. Social media 

platforms provide a space for consumers to voice their opinions, both positive and negative, 

which influences overall market perception. Positive sentiment tends to foster a sense of trust 

and satisfaction among consumers, which is essential for brand loyalty and repeat purchases. 

Negative sentiment, on the other hand, can damage a product’s reputation, causing potential 

customers to reconsider their purchase decisions. Monitoring these shifts in perception helps 
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businesses understand consumer expectations and tailor their marketing strategies 

accordingly. 

The power of social media sentiment extends beyond just consumer perception; it also 

has a direct impact on purchasing behavior. Positive social media engagement, such as 

product endorsements and favorable reviews, can significantly increase consumer interest, 

driving sales. On the other hand, negative sentiment, particularly when amplified by influential 

social media users, can have an immediate and damaging effect on a product’s success. Social 

media platforms allow information to spread quickly, and consumer behavior can change 

rapidly based on sentiment shifts. Thus, businesses need to react swiftly to any negative 

sentiment to minimize damage and capitalize on positive trends. 

Sentiment analysis is a potent tool for companies seeking to predict product success 

and make informed strategic decisions. By continuously monitoring sentiment trends on 

social media, businesses can stay ahead of market changes, identify emerging consumer needs, 

and adjust their product offerings accordingly. The ability to forecast product performance 

based on sentiment data not only aids in product development and marketing strategies but 

also provides a competitive edge in a rapidly evolving market. The findings highlight the 

importance of integrating sentiment analysis into decision-making processes to better align 

with consumer expectations and enhance business performance. 

 

5. Comparison 

Sentiment analysis offers distinct advantages over traditional market research methods, 

such as surveys and focus groups. While surveys and focus groups provide valuable insights 

into consumer attitudes and behaviors, they are often time-consuming, limited in scope, and 

subject to biases in participant selection and responses. In contrast, sentiment analysis can 

quickly process large volumes of data from social media platforms, offering real-time insights 

into consumer opinions at a broader scale. Traditional methods typically rely on self-reported 

data, which can be influenced by social desirability bias, whereas sentiment analysis captures 

natural, unsolicited consumer feedback, providing a more accurate reflection of public 

sentiment. 

When comparing sentiment analysis models to other predictive tools in the digital 

market, sentiment analysis stands out for its ability to process unstructured data, such as user-

generated content on social media, and turn it into actionable insights. Unlike traditional 

predictive tools that rely on structured data and historical trends, sentiment analysis models 

can detect shifts in consumer sentiment and predict product success with high accuracy. 

These models are particularly effective in real-time analysis, which allows businesses to make 

timely adjustments to marketing strategies. In comparison, other predictive tools often rely 

on static datasets and can miss emerging trends or changes in consumer behavior. 
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The practical application of sentiment analysis in evaluating product launches shows its 

significant potential over conventional methods. Unlike traditional market research, which 

may take weeks or even months to gather and analyze data, sentiment analysis provides 

immediate feedback from consumers, enabling businesses to assess product reception and 

adjust strategies accordingly. In real-world scenarios, companies that use sentiment analysis 

can quickly identify issues with product perception or engagement and address them before 

they negatively impact sales. This real-time adaptability makes sentiment analysis a powerful 

tool for product launch evaluation, offering a more agile and dynamic approach compared to 

the slower, more rigid traditional research methods. 

 

6. Conclusion 

The sentiment analysis revealed a strong relationship between social media sentiment 

and product performance, with positive sentiment correlating with higher sales and consumer 

engagement, while negative sentiment led to declines. The predictive models used in the 

analysis, including machine learning algorithms, successfully forecasted product launch 

success based on sentiment data, demonstrating that sentiment analysis can be a reliable tool 

for assessing market reception in real-time. 

Sentiment analysis has proven to be an effective predictive tool for understanding and 

forecasting product launch success in the digital market. By analyzing social media content, 

businesses can gain valuable insights into consumer perceptions and attitudes, which can 

inform marketing strategies and product development. The ability to capture real-time data 

from various platforms makes sentiment analysis particularly useful for businesses looking to 

adjust strategies quickly and maintain a competitive edge. 

Businesses can leverage sentiment analysis to refine their marketing strategies and 

improve product development. By closely monitoring consumer sentiment on social media, 

companies can better understand consumer needs and preferences, allowing them to tailor 

their marketing efforts and enhance customer engagement. Additionally, sentiment analysis 

provides businesses with the ability to detect emerging issues with products early on, enabling 

them to make adjustments before problems affect sales and reputation. 

Future research should explore integrating sentiment analysis with other market 

prediction models to enhance its accuracy and predictive power. Additionally, more studies 

are needed to understand the impact of sentiment analysis on post-purchase behaviors, such 

as customer satisfaction and loyalty. Further investigation into the effects of fake reviews and 

sentiment manipulation on product success could also provide valuable insights for refining 

sentiment analysis models. 

 

 

 



Management Dynamics: International Journal of Management and Digital Sciences  
2024 (January), vol. 1, no. 1, Hakim, et al. 40 of 41 

 

References 

Ali, I., & Naushad, M. (2023). Examining the influence of social media marketing on purchase intention: The mediating role of brand image. Innovative 
Marketing, 19, 145–157. https://doi.org/10.21511/im.19(4).2023.12 

Al-Qablan, T. A., Mohd Noor, M. H., Al-Betar, M. A., & Khader, A. T. (2023). A survey on sentiment analysis and its applications. Neural 
Computing and Applications, 35(29), 21567–21601. https://doi.org/10.1007/s00521-023-08941-y 

Arora, D., Li, K. F., & Neville, S. W. (2015). Consumers' sentiment analysis of popular phone brands and operating system preference using Twitter data: 
A feasibility study. In Proceedings of the International Conference on Advanced Information Networking and Applications 
(AINA) (pp. 680–686). https://doi.org/10.1109/AINA.2015.253 

Baroi, I., & De, S. (2021). An analytical study on consumer perception for a product against its social media imprint. In 2021 5th International 
Conference on Computational Systems and Information Technology for Sustainable Solutions (CSITSS). 
https://doi.org/10.1109/CSITSS54238.2021.9682783 

Chakraborty, A., Prabhu, S., Mahmood, S. D., & Alkhayyat, A. (2023). Sentiment analysis of social media data to identify consumer needs in the 
FMCG food sector. AIP Conference Proceedings, 2736(1), 060009. https://doi.org/10.1063/5.0171149 

Chaudhary, A. K., Shah, K., Sah Telee, L. B., & Sahani, S. K. (2023). The influence of social media feedback on product development: A statistical 
perspective. Utilitas Mathematica, 120, 1278–1292. 

Choi, J., Oh, S., Yoon, J., Lee, J.-M., & Coh, B.-Y. (2020). Identification of time-evolving product opportunities via social media mining. Technological 
Forecasting and Social Change, 156, 120045. https://doi.org/10.1016/j.techfore.2020.120045 

Dai, Y., & Jiang, Y. (2016). The research of online reviews' influence towards management response on consumer purchasing decisions. In 15th Wuhan 
International Conference on E-Business (WHICEB) (pp. 206–214). https://doi.org/10.1109/ICOEI.2017.8300962 

Dilip Charaan, R. M., Vimala Ithayan, J., Sankar, M., Chithambaramani, R., Sivaprakash, P., & Marichamy, D. (2024). Sentiment analysis 
and opinion mining on social media using machine learning. In 2nd International Conference on Intelligent Cyber Physical Systems and 
Internet of Things (ICoICI) (pp. 1176–1182). https://doi.org/10.1109/ICoICI62503.2024.10696144 

Fadlil, A., Riadi, I., & Andrianto, F. (2024). Improving sentiment analysis in digital marketplaces through SVM kernel fine-tuning. International 
Journal of Computing and Digital Systems, 16(1), 159–171. https://doi.org/10.12785/ijcds/160113 

Fakhri, M. I., & Irawan, H. (2023). Analyzing sentiment and topic modelling of iPhone Xs post launch event through Twitter data. AIP Conference 
Proceedings, 2646, 040030. https://doi.org/10.1063/5.0139392 

Johri, S., Bhatt, D., & Singhal, A. (2024). Text analytics using natural language processing: A survey. In Artificial Intelligence, Blockchain, 
Computing and Security (ICABCS 2023) (pp. 60–64). https://doi.org/10.1201/9781032684994-10 

Jose, J. M., & Narayanan, P. (2024). Sentiment analysis with NLP: A catalyst for sales in analyzing the impact of social media ads and psychological 
factors online. In Intersection of AI and Business Intelligence in Data-Driven Decision-Making (pp. 211–256). 
https://doi.org/10.4018/979-8-3693-5288-5.ch008 

Khader, M., Awajan, A., & Al-Naymat, G. (2018). Sentiment analysis based on MapReduce: A survey. ACM International Conference 
Proceeding Series. https://doi.org/10.1109/ICCCNT61001.2024.10724258 

Kumar, B., Sheetal, Badiger, V. S., & Jacintha, A. D. (2024). Sentiment analysis for products review based on NLP using lexicon-based approach and 
RoBERTa. In Proceedings of the 2nd International Conference on Intelligent and Innovative Technologies in Computing, 
Electrical and Electronics (ICIITCEE 2024). https://doi.org/10.1109/IITCEE59897.2024.10468039 

Kwakye, S., Ertugan, A., & Tashtoush, L. (2024). Navigating purchase intentions: The influence of reviewers' comments moderated by risk and trust. 
Behavioral Sciences, 14(7), 552. https://doi.org/10.3390/bs14070552 

Liu, M., Lu, H., & Chen, J. (2022). How negative online reviews affect consumers' purchase intention. Lecture Notes on Data Engineering and 
Communications Technologies, 103, 1029–1035. https://doi.org/10.1007/978-981-16-7469-3_118 

Mhamdi, C., Al-Emran, M., & Salloum, S. A. (2018). Text mining and analytics: A case study from news channels posts on Facebook. Studies in 
Computational Intelligence, 740, 399–415. https://doi.org/10.1007/978-3-319-67056-0_19 

https://doi.org/10.21511/im.19(4).2023.12
https://doi.org/10.1007/s00521-023-08941-y
https://doi.org/10.1109/AINA.2015.253
https://doi.org/10.1109/CSITSS54238.2021.9682783
https://doi.org/10.1063/5.0171149
https://doi.org/10.1016/j.techfore.2020.120045
https://doi.org/10.1109/ICOEI.2017.8300962
https://doi.org/10.1109/ICoICI62503.2024.10696144
https://doi.org/10.12785/ijcds/160113
https://doi.org/10.1063/5.0139392
https://doi.org/10.1201/9781032684994-10
https://doi.org/10.4018/979-8-3693-5288-5.ch008
https://doi.org/10.1109/ICCCNT61001.2024.10724258
https://doi.org/10.1109/IITCEE59897.2024.10468039
https://doi.org/10.3390/bs14070552
https://doi.org/10.1007/978-981-16-7469-3_118
https://doi.org/10.1007/978-3-319-67056-0_19


Management Dynamics: International Journal of Management and Digital Sciences  
2024 (January), vol. 1, no. 1, Hakim, et al. 41 of 41 

 

Mhapasekar Darshan, P. (2017). Ontology based information extraction from resume. In Proceedings of the International Conference on Trends 
in Electronics and Informatics (ICEI 2017) (pp. 43–47). https://doi.org/10.1109/ICOEI.2017.8300962 

Pasupathi, S., Selvan, K. S., Dedgaonkar, S. G., Vishnoi, M., Rampal, S., & Yadav, D. (2024). Unlocking the power of text mining for information 
understanding. In 2024 15th International Conference on Computing Communication and Networking Technologies (ICCCNT 
2024). https://doi.org/10.1109/ICCCNT61001.2024.10724258 

Pavan Prasad, B. S., Punith, R. S., Aravindhan, R., Kulkarni, R., & Choudhury, A. R. (2019). Survey on prediction of smartphone virality using 
Twitter analytics. In 2019 IEEE International Conference on System, Computation, Automation and Networking (ICSCAN 
2019). https://doi.org/10.1109/ICSCAN.2019.8878839 

Rathore, A. K., & Ilavarasan, P. V. (2020). Pre- and post-launch emotions in new product development: Insights from twitter analytics of three products. 
International Journal of Information Management, 50, 111–127. https://doi.org/10.1016/j.ijinfomgt.2019.05.015 

Rathore, S. P. S., Patole, J., Tilak, G., Lenka, R., Lopez, J. C., & Priyanka. (2024). Consumer sentiment analysis. In 2024 International 
Conference on Smart Devices (ICSD 2024). https://doi.org/10.1109/ICSD60021.2024.10751293 

Shanmugapriyaa, D., Aravind, M. S., Prakath, S. B., Deivarani, S., & Rajarajeshwari, K. (2023). A comparative study of sentiment analysis on 
Flipkart dataset using Naïve Bayes classifier algorithm. In 14th International Conference on Advances in Computing, Control, and 
Telecommunication Technologies (ACT 2023) (pp. 1110–1118). 

Sharmila, K., Devi, N. S., & Devi, R. (2022). Survey on sentiment analysis using deep learning. In Proceedings of the 2022 11th International 
Conference on System Modeling and Advancement in Research Trends (SMART 2022) (pp. 1434–1438). 
https://doi.org/10.1109/SMART55829.2022.10047158 

Shylu, C. I., & Selvarani, S. (2023). Aquila optimization algorithm with advanced learning model-based sentiment analysis on social media environment. 
SSRG International Journal of Electronics and Communication Engineering, 10(12), 25–32. 
https://doi.org/10.14445/23488549/IJECE-V10I12P103 

Singh, H., & Srivastava, D. (2023). Sentiment analysis: Quantitative evaluation of machine learning algorithms. In Proceedings of the 5th 
International Conference on Smart Systems and Inventive Technology (ICSSIT 2023) (pp. 946–951). 
https://doi.org/10.1109/ICSSIT55814.2023.10061130 

Souza, E., Castro, D., Vitório, D., Teles, I., Oliveira, A. L. I., & Gusmão, C. (2016). Characterizing user-generated text content mining: A systematic 
mapping study of the Portuguese language. Advances in Intelligent Systems and Computing, 444, 1015–1024. 
https://doi.org/10.1007/978-3-319-31232-3_96 

Venkateswaran, P. S., Dominic, M. L., Kem, D., Viswanathan, N. S., Kashyap, A. K., Rameshkkumar, S. R., & Sivakani, R. (2024). A 
review of text mining and sentiment analysis for the purpose of determining the veracity of online reviews. In E-Commerce, Marketing, and 
Consumer Behavior in the AI Era (pp. 237–257). https://doi.org/10.4018/979-8-3693-5548-0.ch012 

Wang, W., Ning, W., & Wang, H. (2015). Online negative public sentiment does not matter? Empirical evidence from social media and movie industry. In 
2015 International Conference on Computing, Networking and Communications (ICNC 2015) (pp. 1122–1126). 
https://doi.org/10.1109/ICCNC.2015.7069507 

Yadav, D., Gupta, A., Asati, S., Choudhary, N., & Yadav, A. K. (2020). Age group prediction on textual data using sentiment analysis. ACM 
International Conference Proceeding Series, 61–65. https://doi.org/10.1145/3439231.3439262 

Zhang, Y., & Goh, K. H. (2019). Impact of online reviews on consumer post-purchase attitude change and transaction failure. In 40th International 
Conference on Information Systems (ICIS 2019). 

 

https://doi.org/10.1109/ICOEI.2017.8300962
https://doi.org/10.1109/ICCCNT61001.2024.10724258
https://doi.org/10.1109/ICSCAN.2019.8878839
https://doi.org/10.1016/j.ijinfomgt.2019.05.015
https://doi.org/10.1109/ICSD60021.2024.10751293
https://doi.org/10.1109/SMART55829.2022.10047158
https://doi.org/10.14445/23488549/IJECE-V10I12P103
https://doi.org/10.1109/ICSSIT55814.2023.10061130
https://doi.org/10.1007/978-3-319-31232-3_96
https://doi.org/10.4018/979-8-3693-5548-0.ch012
https://doi.org/10.1109/ICCNC.2015.7069507
https://doi.org/10.1145/3439231.3439262

